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Abdract :  This paper presents a GA-based decision-tree agorithm to deal with SVM multi-class classification problem. Frst ,

GA is used to create optimal or near-optimal decision-tree automaticaly ,which makes the margin between two classes maximal at
every decision node. Then a every decision node,standard SVM is used to make binary classification. Fnally ,the SYM decision
tree achieves multi-classification. Theoretical analysis and experiments show that the proposed method is more precise than the tradi-
tiond“ DT-SVM” and* DAG-SVM” methods ,and has higher training and testing efficient than classica” 1-a1” and’ l-ar” meth

ods.
Key words: support vector machine; genetic agorithm; decision tree
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